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Single-Passage Single-Participant Reading Goal Decoding

Decoding Reading Goals from Eye Movements
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Experimental Setup

Two between-subjects condi1ons:

Ordinary Reading

• Informa0on Seeking
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Eye Movements and Text Representa=on

Analyses

How Fast Can We Make Accurate Predictions?

Results

• Decoding reading goals -- ordinary reading versus information seeking -- 

from eye movements is possible! Even in real time.

• Models that represent both text & eye movements as fixations are best.

• Insights into prediction difficulty by experiment metadata.

Take-Aways & Conclusions

omershubi.github.io  |  lacclab.github.io   

(Berzak, Malmaud and Levy 2020 ; Berzak et al, 2025)
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(Shubi et al 2024)

1.5 Seconds to classify ordinary reading versus information seeking 

Question
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We can predict in 2 seconds whether you’re 
looking for specific information in this 

poster only from your eye movements!


